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Introduction
Can Higher Education Institutions (HEIs), such as universities and polytechnics, bring about better economic outcomes in their hosting areas? This possibility is of interest to national policy makers who consider strategies for promoting local development, and for local policy makers wishing to attract people and jobs to their local area. We provide new information that helps to answer this question by estimating the relationship between the presence of Higher Education
Institutions (HEIs) and local growth, using a sample of 57 New Zealand Territorial Local Authorities (TLAs) between 1986 and 2013. We find that, holding all else equal, TLAs with a higher ratio of university Equivalent Full Time Students (EFTS) to working-age population experience faster population and employment growth. We estimate growth using demographic rather than monetary variables, reflecting the idea that a well-performing area is one that is consistently able to attract and retain population and workers.
We test this relationship using various specifications, including alternative samples, HEI variable definitions, and estimation techniques, including Ordinary Least Squares (OLS),
Weighted Least Squares (WLS), and difference Generalised Method of Moments (GMM). Within
these specifications, we control for local time-invariant factors, national and local time-variant factors, and for lagged growth, with the latter included to control for the possibility of reverse causality (i.e. growth leading to increased HEI activity). In an innovative approach to capture unobserved, local time-variant factors, we also include the five, ten and twenty year official (medium) population projections that were publicly available in each period. We use these projections to control for the possibility that variation in HEI activity could be driven by perceived future potential (rather than current, past, or long term performance) of the area, noting that official projections often play a role in shaping strategies and actions taken by policy makers. Across all specifications, we find a positive and non-linear (concave) relationship between the relative size of the university EFTS population and local growth. At the means, a one percentage point increase in the university EFTS share is associated with a 0.19 (0.14)
percentage point increase in the annual average population (employment) growth rate. We find similar patterns for increases in polytechnic EFTS shares, although these were weaker and estimated far less precisely.
Next, we investigate whether the effect of HEI activity varies across large and small metropolitan areas. We remove the two smaller, university-dominated TLAs (Palmerston North and Dunedin Cities) from the sample. We estimate a similar linear relationship where a one percentage point increase in the university EFTS share is associated with a 0. 13 (0.09) percentage point increase in the annual average population (employment) growth rate. We further investigate complementarities by testing a number of specifications which interact HEI activity with various proxies for local urbanisation and innovative activity. We find no evidence for such growth-related complementarities, or that HEI activity influences the local industrial employment shares.
Our results can be interpreted in the context of endogenous growth models (Romer, 1986; Lucas, 1988; S. T. Rebelo, 1991; S. Rebelo, 1998) . In these models, HEIs can contribute positively to growth by increasing the local stock of knowledge and human capital (Mankiw et al., 1992; Glaeser et al., 1992; Glaeser et al., 1995; Doppelhofer et al., 2000; Barro, 2001; Gregorio and Lee, 2002) . For example, research and development (R&D), training of workers, or linking graduates to business can all improve the economic performance of an area. Furthermore, HEIs may enhance quality of life by improving the local stock of civic amenities (e.g. theatre halls, galleries, etc.) and natural amenities (through conservation projects).
Spillovers from HEIs to their hosting areas may occur if the (growth-relevant) output produced is tacit (Jacobs 1969) ; that is, if benefits produced are geographically-bounded, i.e.
agents located near HEIs can more cheaply and easily utilise their intellectual output (Jovanovic and Rob, 1989; Jaffe, 1989; Jaffe et al., 1993; Glaeser, 1999; Deltas and Karkalakos, 2013) .
Holding all else equal, the productivity of these local agents can be expected to increase, leading to faster overall growth in these areas (Karlsson and Andersson, 2007; Wang, 2010 1 ).
However, it is possible that geographical proximity is insufficient to promote growth if other local conditions (e.g. political, social, institutional, etc.) are unfavourable (Fagerberg 1987; Nelson and Phelps 1966; Benhabib and Spiegel, 1994; Fagerberg et al., 1997; Asheim and Gertler, 2006; Ascani et al., 2012; Rodríguez-Pose, 1999 ). For example, several studies examining sub-national regions across Europe have found that, while the rate of return to education was similar across all regions, returns to R&D investment were only positive and significant in less peripheral regions which had a large pre-existing proportion of educated workers and high patent density (Crescenzi, 2005; Sterlacchini, 2008; Rodríguez-Pose and Crescenzi, 2008, Duch et al, 2011) .
Our study builds on this prior work and is organised as follows. Section 2 provides an outline of New Zealand's tertiary education system. Section 3 describes our estimation strategy and sample. Section 4 provides descriptive statistics. The main results of the analysis are discussed in section 5. Finally, section 6 summarises and discusses our main findings.
1 Wang found that fastest growth was recorded for counties hosting HEIs that offered business degrees and Master/Doctoral level qualifications.
Tertiary education in New Zealand
The New Zealand tertiary education system ranges from foundation studies and industry training up to doctoral (PhD) degree qualifications (Ministry of Education, 2006 Historically, this categorisation of institutions was more defined, with universities being the only type of institution legally empowered to train at bachelor degree level or above.
Furthermore, universities were the only type of institution obliged to conduct research in exchange for receiving public funding (Taonga, 2015) . However, reforms in the Education Act (New Zealand Parliament, 1989 ) removed these restrictions, enabling all tertiary providers to offer courses at all levels, provided they satisfy certain criteria.
Despite these regulatory changes, universities retain a stronger focus on training at higher levels. For example, between 2007 and 2014, 95% of all university Equivalent Full Time Students (EFTS) were studying towards a bachelor degree qualification or above. 6 This contrasts with only approximately a quarter of all polytechnics EFTS (including institutes of technology) and under a tenth of all wānanga and private training establishments students (MoE, 2015) . Universities also remain dominant in R&D, accounting for approximately half of New Zealand's research staff (Hughes, 2012) , and almost all PhD students (MoE, 2015) .
One change evident in New Zealand's tertiary education institutes following the 1989 reforms was an increase in mergers (e.g. by 2007, all colleges of education had amalgamated with universities) and expansions (achieved primarily by establishing satellite campuses). 7 Overall, in 2014 there were more than 360,000 domestic students, about a tenth of the working age population (MoE, 2015) , participating in formal tertiary education. Figure 1 shows the total number of students enrolled in tertiary courses and the total population between 1965 and 2014. 8 ) and official population estimates .
Estimation and sample

Estimation
Our approach for estimating the contributions of HEIs to their hosting area is based on insights from spatial equilibrium literature (Rosen 1979; Roback 1982; Overman et al., 2010; Grimes, 2014) . We consider HEIs as a form of infrastructure, with the potential to improve both productivity and/or the stock of amenities in the hosting area.
For example, assume that a positive productivity shock is experienced in a hosting area following the establishment of a new HEI, or as a result of some growth-relevant output being 7 However, the vast majority of students still train at a main campus For example, between 2000 and 2012, 82-87% of the internal EFTS that were enrolled in tertiary education were trained at the main campus of a university or polytechnic (Ministry of Education, 2013) . 8 Enrolment data from private training establishments was first collected by the Ministry of Education in 1999. generated by an existing HEI. This shock increases the productivity of local firms, enabling them to pay greater wages to workers and/or to increase employment. 9 At the same time, local living costs initially remain unchanged. This incentivises individuals and firms to relocate to the area, increasing the local population and workforce. Eventually, migration flows increase the local cost of living, especially for non-tradable goods (e.g. land prices), so the benefits relative to the costs of locating in the area are fully exhausted, with no further incentive for others to migrate. 10 However, if agglomeration forces are sufficiently strong (Krugman, 1991) , migration itself could lead to additional (positive) productivity shocks, in turn attracting more migrants. Thus the initial productivity shock could generate a self-reinforcing feedback loop (i.e. between migration, productivity, and economic growth). If these forces are sufficiently strong, long term differences in the rates of growth could arise between areas hosting HEIs and those that do not.
Reflecting the process just described, we estimate the benefits generated from HEIs in terms of population and employment growth; thus we evaluate the success of an area by its ability to attract and retain individuals and firms. Therefore, we estimate local growth over time as a function of local level characteristics in each initial period t:
For area j in period t, growth is defined by the annual average growth rate in population and employment between periods t and t+s. Growth is estimated as function of the degree to which HEIs ( , ) are present in the area, a set of time-variant local and surrounding area specific controls ( , ), time invariant area effects ( ), period effects ( ), and an idiosyncratic error term ( , ).
Universities (and most polytechnics) were established before the first year that we can observe (1986), and closures are rare. In addition, most institutions that were officially established after 1986 have evolved from smaller institutions (e.g. community colleges) previously operating in the area. Due to this low variation, simply including an indicator capturing whether an institution is physically present in the area is not likely to reveal meaningful relationships. To maximise the variability of the data, we instead capture the level of HEI 'presence' in an area by calculating the ratio of local EFTS to local working age population (i.e. aged 15 or above). We hypothesise that, holding all else equal, a greater share of EFTS population is associated with greater accumulation of knowledge and human capital, leading to a faster rate of growth. We capture differences in the relationship between different types of HEIs and growth by including these ratios separately for universities (including teacher's 9 Assuming that the benefits are (at least to some extent) tacit. 10 That is, changes in the cost of non-tradable goods is the balancing mechanism of this process. colleges) and polytechnics (including institutes of technology). Finally, we include a quadratic term in order to capture non-linearities in relationships.
To isolate the effect of HEIs on local growth from other factors, we include period and area fixed effects to control for macroeconomic shocks and for time-invariant area specific features (e.g. climate, historical factors, etc.), respectively. In addition, we control for a number of local time variant demographic and labour market characteristics, as well as agricultural price shocks, and innovative activity at the (greater) regional level.
As the decision of where to establish an HEI is likely to be non-random, OLS estimates will be biased if other unobserved local characteristics correlate both with our HEI variables and with growth. We attempt to control for these biases by focusing on two aspects that may affect our results.
First, we recognise that the decision to establish (or expand the activity of) an HEI may reflect the local area's perceived growth potential. 11 We control for this possibility by including the official five, ten, and twenty year (medium) population projections produced by Statistics New Zealand, publicly available in each period t (Statistics New Zealand, various years).
Including these projections accounts for some of the factors that may have shaped the expectations (and thus unobserved actions) that policy makers had regarding the future performance of areas. These projections may also account for additional growth-relevant factors that were used to construct the projections that are not included in our model. 
To correct for dynamic panel bias (Nickell, 1981) , we use the difference GMM approach (Anderson and Hsiao, 1981; 1982) , instrumenting the (differenced) lagged dependent variable with its twice lagged level (Arellano, 1989) .
11 For example, when Massey University was established in Albany (1993) , the local population constituted fewer than 700 residents. However, it was known prior to the establishment that major expansions were planned for the area. Between the 1996 and 2013 census, the population grew on average by 9.4% each year, compared with 0.9% for New Zealand as a whole.
Our final specification explores heterogeneity in the relationship between HEIs and growth, arising from differences in local characteristics (Fagerberg, 1987 
The interaction term, , * , , estimates the influence that hosting an HEI has on the area's future growth, given different levels of certain local characteristics ( , ). This subset of local characteristics captures different aspects of 'urbanisation' (thousand inhabitants per Km 2 , full time employment share in the Finance and Insurance industry) and 'innovation' (patent applications per 10,000 inhabitants; share of working age population with a bachelor degree or above).
Sample
Our sample consists of six waves of census data between 1986 and 2013, 12 aggregated to 57
Territorial Local Authorities (TLAs). 13 A TLA is an administrative/political, rather than an economic boundary. Therefore, studies that use these boundaries may suffer from measurement errors and/or spatial autocorrelation (Glaeser et al., 1995 Because of limitations in the information available on EFTS counts in wānanga and private training establishments in earlier periods, we do not include data from these institutions in the sample. We do not expect this exclusion to significantly affect our results, since the institutions that we do include account for over three quarters of the overall EFTS population over the sample. More importantly, they include almost the entire EFTS population enrolled towards qualifications at the bachelor degree level or above, and the vast majority of R&D produced by all HEIs.
We create the HEI variables by combining administrative data from the Ministry of Education (MoE), HEIs' own annual reports, and census data from Statistics New Zealand. From these sources, we collect data on the number of Equivalent Full Time Students (EFTS) enrolled in long term courses in each TLA j, in each period t. 15 Between 1996 and 2006, we use MoE tables that record the number of EFTS in each TLA receiving educational services from each institution. These tables may include double counting.
This may occur for example, when the same student is enrolled in more than one TLA, or in more than one institution in the same year. However, aggregating all EFTS yields results very similar to the official counts, suggesting that instances of double counting account for only a very small percentage of the overall EFTS population. In the earlier period, we gather the spatial distribution of the EFTS population of each institution from their own annual reports. 16 Next, we standardise the data by converting the counts to percentages (i.e. EFTS count in period t, area j, and institution k as a percentage of the total of EFTS across all areas serviced by institution k in period t). We then convert the percentages back to EFTS counts by multiplying these by the official EFTS count of each institution (MoE, 1988; . We aggregate total university (including Teacher College) and polytechnic (including institute of technology) EFTS counts up to the TLA level. Finally, we convert these counts into a share of the TLA working age population (i.e. census usually resident population at age 15 or above), 
Descriptive Statistics
Between 1986 and 2013, the unweighted average TLA population grew at an annual rate of 0.3% (figure 3). Fastest growth was recorded between 1991 and 1996 (0.8%), and slowest growth in the period following. 21 Over the full period, unweighted employment growth rate was almost twice as great (0.6%). As before, the fastest average growth rate was recorded between 1991 and 1996 (2.2%), while the slowest was between 2006 and 2013 (-0.3%), a period that included the Global Financial Crisis.
16 When EFTS data are not available (i.e. where we have only full and part time student counts), we approximate the EFTS count in each campus by the institution's EFTS-to-total student ratio in the next available period. Furthermore, when institutions with a satellite campus did not report EFTS count by location, we approximated the count using the campus size relative to the overall institution (in terms of EFTS) from the most recent year with that data available. We do not expect these approximations to have a great impact on the estimation since these were rarely needed. In addition, regarding the second approximation, the MoE tables from most recent years show that even after more than two decades of expansions via satellite campuses and inter-HEI cooperation, the vast majority of EFTS training is conducted within a main campus. Spatially, growth in both population and employment tended to be centred in and near the three largest metropolitan centres (figure 4). One exception is the Queenstown-Lakes District, which recorded the fastest growth overall (4.6%), as well as in each intercensal period (3-7%). This TLA is almost 500Km road distance away from the nearest large city (Christchurch City). On the other hand, growth in most other small and remote TLAs was negative. s Notes: Growth rate is averaged over the entire 1986 to 2013 period.
The kernel density of EFTS shares for TLAs with a share greater than zero is presented in figure 5 . For polytechnics, the majority of observations depict shares under 10%. For universities, most TLAs record EFTS shares below 20%. A small peak appears at just over 30%, reflecting the shares of Palmerston North and Dunedin Cities -New Zealand's only true 'university towns' (hosting the main campus of Massey University the University of Otago respectively). These cities are relatively small compared with other areas hosting universities, jointly accounting for less than 5% of the national population. 22 22 As compared with Auckland, Greater Hamilton, Greater Wellington, and Greater Christchurch, accounting for 34%, 5%, 7%, and 10% of the national population, respectively (Statistics New Zealand, 2016) As some of our specifications include interactions between the EFTS shares and specific TLA characteristics, we plot the distribution of these characteristics' variables in Figure 6 . The figure shows that population density is low in most TLAs, with 94% of the observations having fewer than 200 inhabitants per Km 2 , and 60% fewer than 100 (mean of 4). The distribution of employment share in the finance and insurance industry resembles more of a skewed bell curve, with a sample mean of about 2%. Patent applications are heavily right skewed, with most TLAs having fewer than 0.5 applications per 10,000 inhabitants. Finally, the share of working age population with a bachelor degree or above as highest qualification is highly concentrated at around 5% of the local workforce.
To better understand some differences between TLAs that host HEIs and those that do not, the mean and standard deviation of the variables used are summarised in The similar shares of vocationally qualified working age population across groups suggests that those trained at these levels (mostly at polytechnics) do not necessarily remain in areas hosting polytechnics. This contrasts with working age population holding a bachelor degree qualification (or above), which tend to locate in TLAs that host universities. This difference suggests that gains in human capital from attending polytechnics tend to spread nationally, reducing localised benefits for TLAs hosting polytechnics. In all the T-tests performed, the equality of variance assumption was determined by an Equality of Variance Test performed beforehand. WAP -working age population (population at the age of 15 and above). Industries are abbreviation for full time employment in relevant industry, presented as a share of total full time employment. TLAs hosting an institution are defined by whether they host a main campus within its boundaries, whether their EFTS population is equal or greater than 1% of the national EFTS population (for the relevant type of institution), or at least 2% of their local 15-30 years old population.
Results
Homogeneous impact
Results for estimating the relationship between the EFTS shares and TLA population and employment growth rates are summarised in table 2. Full regression results for all of the estimates discussed in this section are presented in tables A2-A6 within appendix 3.
Estimates for population growth are presented in the first three columns. The first column shows the estimates from a two-way fixed effect unweighted OLS regression, including the full suite of controls except for lagged growth. For universities, the estimates suggest a significant, positive, and concave association between the EFTS share and population growth. By contrast, the magnitude of the polytechnic EFTS coefficients are much smaller, and statistically insignificant.
For universities, the relationship continues to hold when we weight our sample by the 1986 population (second column), and also when we include the lagged dependent variable under the difference GMM specification (third column). For polytechnics, the coefficients are only significant in the GMM specification (at the 10% level), showing a positive concave association with population growth. Based on each variable's means, increasing the university and polytechnic EFTS shares by one percentage point is associated with an increase in the annual average population growth rate of 0.19% and 0.06%, 24 respectively.
For employment growth (fourth to sixth columns), results with unweighted and (1986 employment) weighted least square specifications show a statistically insignificant relationship between employment growth and both university and polytechnic EFTS shares (fourth and fifth columns). However, after controlling for past employment growth (sixth column) and estimating using difference GMM, the university coefficients become significant, indicating a positive concave association. At the means, a one percentage point increase in the university EFTS share is associated with an increase of 0.14% in the average annual rate of employment growth. No significant relationship is found between employment growth and the polytechnic EFTS share.
As discussed previously, one possible explanation for the smaller and less significant polytechnic EFTS association is that vocationally trained graduates (mostly at polytechnics) are less likely to remain in the polytechnic hosting area after graduation. Therefore, any productivity gains through the human capital accumulation channel do not remain in the hosting area. Other possible explanations include measurement errors due to a large number of small institutions (biasing the coefficients towards zero), or if growth occurs only for some subsample of polytechnics which is at too fine a level to be captured by our variables.
24 Estimate for polytechnic is significant at the 10% level.
Using the estimates from the GMM specifications from table 2, figure 7 plots the predicted population and employment growth rates associated with different university and polytechnic EFTS shares. The rates of population and employment growth associated with various university EFTS shares peak at about 20% of the TLA working age population. Above this share, growth starts to decline (and become insignificant for employment). For polytechnics, most predicted growth rates are not statistically different than zero. The difference between outcomes in the polytechnic and university coefficients may reflect difference in return by institution. In addition, it may also reflect differences in the accuracy of measuring the data, if polytechnics are measured with more noise (since they tend to be smaller). Finally, differences in returns may be caused by unobserved variables that are more prevalent in large urban areas. We examine the last explanation in more detail next. Hansen J statistic (over-identification test) --0.000 --0.000 Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. (differenced) Lagged dependent is instrumented by the twice lagged dependent variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effects are included implicitly.
Alternative EFTS share and sample definitions
Most of the TLAs that host a university main campus are large metropolitan centres. Two exceptions for this are Palmerston North and Dunedin Cities, which are effectively "university towns". For example, the EFTS population in these TLAs account for about a fifth of the working age population, more than twice the share recorded in the other TLAs with a large university presence. These large shares may correspond to the fall in the magnitude of association between university EFTS and growth shown in figure 7 . We re-estimate the difference GMM specification in table 3, using only the linear EFTS share variables, with and without these TLAs in the sample.
The first two columns of the table present the results for population growth, while the second two present results for employment growth. The first column suggests a small and insignificant linear association between both HEI variables when using the full sample. Once
Dunedin and Palmerston North Cities are removed from the sample (second column), the university EFTS term increases in magnitude and is significant. A one percentage point increase in the university EFTS share is associated with a 0.13 percentage point increase in the average annual rate of population growth. For employment, the university EFTS coefficient is again only significant once the two TLAs are removed, suggesting almost a 0.09 percentage point increase in the employment growth rate for every percentage point increase in university EFTS share.
The linear results excluding the two smaller 'university TLAs' are similar to the non-linear results when including all TLAs, indicating that our results in table 2 are not being driven by the two 'university TLAs' in the sample.
Next, we re-estimate the difference GMM regression using alternative specifications. We replace our EFTS denominator (working age population), estimating the relationship using EFTS as a share of the local total population, population between the ages of 15 and 64, and population between the ages of 15 and 30. We find that the patterns of relationship between university EFTS share and growth continue to hold. For polytechnics, there is some evidence for a positive relationship when using the entire and 15-64 population as a denominator. However, these results tend to be weaker (first and second columns in table A3 in the appendix). Figures 8   and 9 show the predicted population and employment growth under the various definitions. For universities, the concave pattern holds, showing strong resemblance to the results found previously. As before, polytechnic estimates are imprecisely estimated and predicted growth rates are very close to zero for employment. Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. (differenced) Lagged dependent is instrumented by the twice lagged dependent variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effects are included implicitly. 
Heterogeneity in impact
Focusing on the difference in impact across types of areas we now examine whether the underlying characteristics of the hosting TLA affect the strength of relationships. For this, we interact the HEI variables with each of population (in '000) per Km 2 , employment shares in the Finance and Insurance industry, patent applications per 10,000 inhabitants, and share of working age population with a bachelor degree or above as highest qualification.
Each interaction is estimated in a separate regression (with the relevant interaction variable shown in the column heading), and the results are presented in table A5 in appendix 3. The table shows no (significant) evidence of heterogeneity in impact across any of the characteristics.
Finally, we examine whether HEI activity is associated with changes in employment shares in the following period. We examine this hypothesis using the difference GMM specification for the primary, secondary, other tertiary services, and Finance and Insurance services industries (table A6 in appendix 3) . Under all specifications, we failed to find any significant relationships.
Conclusions
We have examined the relationship between the presence of Higher Education Institutions (HEIs) and local growth within New Zealand. Using a sample of 57 Territorial Local Authorities (TLAs) between 1986 and 2013, we find that holding all else equal, TLAs with a greater share of Equivalent Full Time Students (EFTS) (relative to their local working-age population) grow faster both in terms of population and employment. This is particularly the case for university EFTS.
We consider an HEI as a form of infrastructure which has the potential of improving both the local level of productivity and the local stock of amenities, leading to an inflow of people and jobs. We test for this relationship while controlling for local time-invariant factors, national time-variant factors and local observable and unobservable time-variant factors. The latter include the official five, ten and twenty year (medium) population projections that were publicly available in each period. We include these projections to control for variation in HEI activity driven by the perceived future potential of the area, since official projections often play a role in shaping strategies and actions taken by policy makers. We control for the possibility of reverse causality by including the lagged growth rate, and we estimate our relationships using difference GMM. Robustness testing includes use of alternative samples, alternative HEI variable definitions and two different estimation techniques.
Overall, we consistently find a positive relationship between the relative size of the university EFTS population and local growth. At the means, a one percentage point increase in the university EFTS share is associated with a 0.19 (0.14) percentage point increase in the annual average population (employment) growth rate. We find some similarities for increases in polytechnic EFTS shares, but their association with growth is weaker and is estimated far less precisely.
We investigate whether the magnitude of the relationships vary across levels of 'urbanisation' and 'innovative activity'. We do so by estimating a number of specifications that include interactions between HEI activities and proxies for urbanisation and innovative activity.
However, we find no evidence of complementarities between these activities and the presence of an HEI. Similarly, we find no evidence that the presence of HEI altered the industrial structure of local areas.
It is always possible that omission of some factors that affect both EFTS shares and population or employment growth could account for the positive relationships that we estimate.
However we have attempted to minimise this possibility by: (i) including a large set of control variables in all our regressions, (ii) including lagged growth to control for reverse causality, and especially by: (iii) including projected population growth to account for unobservable timevariant factors that may have impacted on both EFTS shares and population and employment growth. Inclusion of these projections is a novel element of our approach designed to capture the influence of time-variant factors that are otherwise unobservable to the econometrician.
This approach could be of use in other regional studies.
A natural extension to our work would be to analyse whether differing courses of study within universities and polytechnics have differing effects on local population and/or employment growth. Investigation into the complementarities between these differing courses of study and local characteristics (such as urbanisation or innovative activity) should be of strong interest (data limitations unfortunately preclude analysis along these lines using our sample.) Even without this extension, based on our results, local policy-makers who wish to support local employment and population growth -and especially policy-makers within university cities -may wish to facilitate the expansion of their higher education institutions. (2015) Land is measured by Km 2 for the 2014 boundaries, and excludes inland waters or oceanic areas.
Appendix 2: Description of variables
Annual average projected population growth rate Statistics New Zealand (1986, 1991, 1995, 2001, 2006) Projections are the five, ten, and twenty year medium , is the ANZ's commodity price index for the j th commodity, in world dominated prices.
, , is the total sale value (including land) in region i of all properties with main activity j.
Notes: Blank column indicates the same source for variable as above --0.00 --0.00 Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. (Differenced) Lagged dependent is instrumented by the twice lagged dependent variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effects are included implicitly. is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effects are included implicitly. variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effecssts are included implicitly. Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. (Differenced) Lagged dependent is instrumented by the twice lagged dependent variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA fixed effects are included implicitly. 0.00 0.00 0.00 0.00 Notes: Robust standard errors in parentheses. *** p<0.01, ** p<0.05, * p<0.1. (Differenced) Lagged dependent is instrumented by the twice lagged dependent variable. The null hypothesis of the under identification test is that the equation is under-identified. The null hypothesis of the weak instrument test is that the instruments are weak (endogenous). The joint null hypothesis of the over-identification test is that the excluded instruments are valid. Under all specifications, the instruments were found not to be weak, and the equation is exactly identified. In the difference GMM, TLA mixed effects are included implicitly.
Appendix 3: Additional regression tables
